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Abstract: In the era of the Fourth Industrial Revolution, emerging technologies such as 

Robotic Process Automation (RPA) are transforming the accounting and auditing profession. 

By automating repetitive and rule-based tasks, this technology has the potential to enhance 

efficiency and accuracy. However, its implications for the dimensions of audit quality and the 

skill set required of auditors have not yet been fully understood. The primary objective of this 

study is to provide an in-depth analysis of the effects of RPA on audit quality and to identify 

the necessary transformations in auditors’ skills from the perspective of industry experts. This 

study adopts a qualitative approach using the grounded theory strategy. Data were collected 

through semi-structured interviews with 15 audit managers and partners from large audit firms 

who had direct experience in implementing or utilizing RPA. Data analysis was conducted in 

three stages—open coding, axial coding, and selective coding—using MAXQDA software. 

The findings indicate that RPA significantly enhances audit quality by expanding audit 

coverage (from sampling to full-population testing), reducing human error, and providing 

more precise and timely audit evidence. The results also reveal a paradigm shift in the 

competencies required of auditors, with emphasis moving from operational and manual skills 

toward analytical capabilities, critical thinking, big data analytics, understanding of business 

processes and information technology, as well as communication and advisory skills. The 

implementation of RPA is not merely a technical enhancement but a strategic transformation 

of the audit process that elevates the role of the auditor from an executor to an analyst and 

strategic advisor. To fully leverage the benefits of this technology and maintain their 

competitive advantage, audit firms must make substantial investments in workforce reskilling 

and in attracting talent with hybrid competencies in auditing, technology, and data analytics. 

Keywords: Robotic Process Automation; Audit Quality; Auditors’ Skills; Digital 

Transformation; Grounded Theory. 

 

1. Introduction 

Audit quality has become a focal construct in contemporary assurance research 

because it sits at the intersection of capital-market confidence, organizational 

accountability, and the credibility of financial reporting. Across jurisdictions, audit quality is no longer treated as a 

static outcome of professional compliance; rather, it is understood as a multi-dimensional product shaped by 

auditor competence, independence, methodological rigor, engagement risk judgments, and the institutional 

environment in which assurance is delivered. Empirical and review-based evidence continues to show that 

conventional antecedents—such as competence and experience, professional skepticism, independence, and 

ethics—remain core predictors of the robustness of audit conclusions and the reliability of audit evidence [1-6]. In 

parallel, audit quality is also increasingly explained through governance-related and contextual drivers, including 
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the role of internal audit and audit committees, board oversight, and the quality of corporate governance 

mechanisms that influence auditor–client dynamics and information flows [7]. This expanded view reflects a 

practical reality: as organizations become more complex and digitally mediated, the ability of auditors to obtain 

sufficient appropriate evidence depends not only on traditional audit procedures but also on technology-enabled 

access to high-volume, high-velocity, and high-variety data. 

The audit profession’s exposure to the Fourth Industrial Revolution has accelerated the transformation of 

assurance work from a predominantly manual, document-driven practice to one that is increasingly data-centric 

and technology mediated. The emerging technological ecosystem influencing assurance includes audit software 

platforms, cloud computing infrastructures, intelligent process automation, Robotic Process Automation (RPA), 

and artificial intelligence (AI)-enabled analytics. Research focusing on audit software indicates that the perceived 

usefulness of computerized tools is linked to improvements in audit effectiveness and, under certain conditions, 

audit quality, largely because digital tools standardize procedures, facilitate documentation, and improve 

engagement-level control [8]. Complementing this, evidence on cloud computing suggests that cloud-based 

environments can affect audit quality by expanding real-time access to client systems, reducing constraints related 

to data availability, and supporting more timely evidence acquisition and testing, although these benefits depend 

on the auditor’s ability to manage technology risks and assess system reliability [9]. The broader implication is that, 

as the audit evidence environment becomes increasingly digital, audit quality becomes partly contingent on 

auditors’ technological literacy and on their capacity to evaluate the integrity of digitally generated evidence. 

Against this backdrop, RPA has emerged as a particularly salient technology because it targets a large portion 

of audit work that is routine, rules-based, and process oriented. RPA refers to software “bots” that emulate human 

actions to execute structured tasks across applications—such as extracting data from enterprise systems, reconciling 

datasets, populating working papers, and generating exception reports. The strategic attractiveness of RPA lies in 

its potential to enhance efficiency while simultaneously increasing audit coverage and standardizing repetitive 

procedures. A robust conceptual foundation for RPA in audit tasks has been articulated through framework-

oriented research, which positions RPA as a tool capable of automating discrete audit activities while requiring 

governance controls over bot design, access, change management, and evidence logging [10]. In addition, research 

on the adoption of robotics in the auditing profession underscores that the move toward automated work is not 

merely technical; it is organizational and professional, affecting workforce design, training pathways, and 

perceptions of what constitutes high-quality assurance work [11]. The emergent view is that RPA can shift audit 

practice from labor-intensive execution to more exception-driven, analytic, and risk-focused assurance—provided 

that the automation itself is appropriately governed. 

However, the diffusion of RPA into audit practice is accompanied by socio-technical challenges that directly 

implicate audit quality. Auditing is not a purely technical process; it is a professional practice embedded in teams, 

norms, judgments, and stakeholder expectations. From a socio-technical systems perspective, the challenges of 

using RPA in auditing include misalignment between automated routines and evolving client processes, difficulties 

in integrating bots with legacy systems, and risks associated with overreliance on automated outputs without 

adequate professional judgment and validation [12]. These challenges matter because audit quality depends not 

only on the speed of evidence production but on the sufficiency, appropriateness, and reliability of evidence, as 

well as the defensibility of the auditor’s judgments. When automation reduces manual effort, the risk profile of the 

audit can shift toward new domains such as data integrity, access security, and algorithmic or rule-based 

misconfiguration—implying that auditors must extend their skepticism to technology-mediated evidence. The 
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importance of technology-embedded risk and ethical considerations in AI-related audit adoption further reinforces 

this point, suggesting that governance, transparency, and professional responsibility become central when 

advanced digital tools are introduced into assurance workflows [13]. 

While RPA is a prominent automation layer, it is also part of a broader technological trajectory in which AI and 

advanced analytics are increasingly incorporated into audit planning, risk assessment, and substantive testing. 

Evidence from review-based research indicates that AI can improve aspects of the audit process by enabling pattern 

detection, anomaly identification, and more scalable analysis of complex datasets; yet the magnitude and reliability 

of such improvements depend on how auditors integrate AI outputs into human judgment and on the strength of 

controls around AI deployment [14]. Research has also shown that audit data analytics, when combined with 

contextual information such as internal control opinions, can shape stakeholders’ perceptions of audit quality, 

assurance, and even auditor negligence, demonstrating that technology affects not only actual audit procedures 

but also external evaluations of audit credibility [15]. Related developments in internal auditing—such as the use 

of autoencoders for data-driven analysis—further illustrate the direction of travel: audit functions are increasingly 

expected to interpret algorithmic outputs and translate them into actionable and defensible assurance conclusions 

[16]. These streams collectively suggest that RPA should be conceptualized not as a standalone innovation but as 

part of an integrated digital audit architecture in which automation, analytics, and AI are combined to strengthen 

coverage, timeliness, and risk responsiveness. 

The professional and institutional environment in which audits are conducted also shapes how technology 

adoption translates into audit quality. Audit quality is partially a social construct, influenced by cultural, legal, and 

institutional factors that define auditors’ responsibilities and shape expectations about what constitutes sufficient 

assurance. Cross-context evidence indicates that these macro-level conditions influence auditors’ roles, perceived 

obligations, and interpretations of audit quality, which implies that the same technology may be adopted and used 

differently across settings [17]. In the post-pandemic environment, research has also highlighted that auditor 

characteristics and contextual pressures can influence reporting behaviors—such as the articulation of Key Audit 

Matters—underscoring that audit outcomes are sensitive to external shocks and the professional judgments they 

trigger [18]. In a similar vein, the concept of “digital audit” has been framed as an imperative for competitiveness 

and recovery in certain national contexts, reinforcing that technology adoption is often linked to broader 

modernization agendas rather than isolated efficiency goals [19]. These perspectives matter for the present study 

because they support the proposition that RPA’s impact on audit quality and auditor skills is likely to be shaped 

by contextual conditions such as regulatory expectations, firm governance, and client-system maturity. 

The determinants of audit quality identified in the literature remain highly relevant as the profession digitalizes, 

but they may interact with technology in new ways. For instance, independence has long been treated as an 

essential precondition for audit credibility, with systematic reviews emphasizing its influence on audit outcomes 

and accounting behavior [20]. In technology-enabled audits, independence can be indirectly affected through 

reliance on client-provided systems, access configurations, and the extent to which auditors depend on 

management-controlled data pipelines. Similarly, professional skepticism—a consistent predictor of audit 

quality—may require reconceptualization when evidence is generated through automated routines rather than 

manual inspection. Evidence from studies conducted during the COVID-19 period indicates that skepticism, 

competence, and professionalism remain consequential even under disrupted conditions, suggesting that 

foundational professional attributes remain central even as audit tasks and evidence sources evolve [21]. Yet, as 
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automation expands the scale of testing, the skill set required to exercise skepticism effectively increasingly includes 

the ability to interrogate the logic of automated procedures and the integrity of extracted data. 

A related issue concerns the evolving competence profile of auditors in digital environments. Empirical work 

has documented that the use of information technology can affect auditor performance and has implications for 

audit quality, highlighting the practical linkage between digital tool usage and assurance outcomes [22]. Studies 

focusing on public information systems likewise suggest that auditors’ performance can be influenced by the 

information environments in which they operate, implying that digital infrastructures shape productivity and 

potentially audit quality [23]. More granular research has emphasized the contribution of auditors’ critical thinking 

skills to the quality of reporting outputs, which is increasingly important when auditors must interpret exceptions, 

evaluate complex evidence, and defend judgments supported by automated analyses [24]. Complementing this, 

research examining the role of personality traits, digital technology skills, and competency in the effectiveness of 

fraud risk assessment highlights that auditors’ digital capabilities are increasingly intertwined with the quality of  

risk judgments and, therefore, with audit quality in high-risk contexts [25]. These findings imply that as RPA and 

related technologies become more prevalent, audit quality becomes progressively dependent on hybrid 

competencies that combine assurance expertise with technology literacy and analytical reasoning. 

The literature also points to multiple engagement-level and market-level factors that influence audit quality and 

that may interact with digital transformation. Audit risk is widely framed as a mechanism through which audit 

planning, evidence depth, and resource allocation influence quality, with research emphasizing that managing 

audit risk is central to improving audit outcomes [26]. In technologically enhanced audits, RPA can support risk-

based approaches by enabling broader scanning and faster exception identification, potentially improving risk 

responsiveness. At the same time, practical constraints such as time budget pressure remain salient, with evidence 

suggesting that competence, accountability, professional skills, and skepticism can influence audit quality, and that 

time budget pressure may moderate these relationships [4]. This is significant because one commonly cited 

rationale for RPA adoption is the need to relieve time pressure by automating routine steps; yet the net impact on 

quality will depend on whether the time saved is reinvested into higher-order judgment and risk work or dissipated 

through expanded scope and expectations. 

In addition to professional attributes and engagement conditions, reputation and market dynamics also shape 

audit quality and audit outcomes. Auditor switching, audit delay, and financial distress are among factors that can 

influence perceptions of audit credibility and audit process outcomes, with evidence from sector-specific contexts 

indicating that reputation can affect auditor switching through channels such as audit delays and distress 

conditions [27]. In digital audit settings, automation may influence audit timeliness and documentation efficiency, 

potentially affecting audit delay and related reputational outcomes. Research examining audit firm reputation, 

auditor rotation, specialization, and fees also points to the continuing relevance of structural and economic 

variables in shaping audit quality, implying that technology adoption occurs within broader competitive and 

governance frameworks that influence audit engagements [28]. Moreover, audit quality is not only influenced by 

auditor attributes but also by how audit firms structure joint audit arrangements and resource oversight; 

perceptions-based evidence suggests joint audit can be associated with audit quality under certain conditions, 

reflecting the importance of audit structure in the delivery of assurance [29]. These considerations support the view 

that the quality effects of RPA are likely to vary across firms and engagements depending on governance maturity, 

resource strategies, and institutional arrangements. 
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Recent research also underscores that “audit quality” is increasingly linked to sustainability of assurance 

outcomes in technologically advancing environments. Conceptual and empirical discussions of AI adoption 

suggest that technology can be positioned as a route to sustainable audit quality when the audit function builds the 

capacity to integrate advanced tools responsibly and consistently, rather than adopting them in fragmented or 

purely symbolic ways [30]. Strategy-oriented approaches to AI application in accounting similarly emphasize that 

audit technology adoption should be aligned with organizational strategy and capability development, suggesting 

that the governance of technological change is as important as the tools themselves for realizing sustained quality 

improvements [31]. This strategic framing is directly relevant to RPA because RPA implementation often begins as 

a localized automation initiative but can evolve into an enterprise-level audit transformation program that affects 

methodology, training, and service delivery models. 

At the methodological frontier, the digitalization of audit is also expanding into new asset classes and novel 

audit objects, which require revised procedures and technological sequencing. For example, the auditing of 

cryptocurrency exchanges demands technology-informed procedures and new sequences of evidence collection 

and validation, which illustrates how the audit profession’s competence requirements continue to expand as the 

economy digitalizes [32]. Although cryptocurrency auditing is distinct from conventional RPA applications, it 

reinforces a broader point: modern audit quality increasingly depends on technology-aware procedures and on 

auditors’ capacity to understand complex digital ecosystems. Similarly, the role of shared and same-signing 

auditors in enhancing audit quality in M&A settings shows that audit quality outcomes remain sensitive to 

engagement structures and auditor coordination mechanisms even as the profession adopts new technologies [33]. 

These findings suggest that any analysis of RPA’s impact on audit quality should be situated within a broader 

landscape of evolving audit practices, engagement configurations, and technology adoption pathways. 

Despite the growing body of work on audit quality determinants and on digital tools in auditing, several gaps 

remain salient. First, much of the existing evidence addresses discrete technologies (such as audit software, cloud 

tools, or AI analytics) or focuses on perceived impacts rather than mapping a comprehensive pathway from 

technology adoption to specific audit quality dimensions and the corresponding evolution of auditor skills [8, 9, 

14]. Second, while frameworks for applying RPA to audit tasks exist, there remains a need for context-sensitive, 

practice-based insights that explain how RPA changes the audit workflow, how it redistributes human effort and 

judgment, and what competencies become essential as a result [10, 12]. Third, the literature increasingly recognizes 

that auditor cognition and performance are shaped by interactions among auditors, managers, regulation, and 

technology, implying that technology effects cannot be isolated from organizational and institutional dynamics 

[34]. Finally, although studies have examined audit quality in diverse contexts—including internal auditing 

analytics, digital audit imperatives, and post-crisis conditions—there is still limited integrative evidence explaining 

RPA as a socio-technical capability that simultaneously affects audit quality mechanisms and auditor skill 

requirements in an emerging-market environment [16, 18, 19]. 

Building on these gaps, the present study positions RPA as a focal technology that can reshape audit quality 

through multiple mechanisms—coverage expansion, error reduction, timeliness, traceability, and risk-focused 

resource reallocation—while also driving a competency shift toward analytics, critical thinking, technology 

governance, and advisory communication. Prior evidence indicates that auditor competence, experience, and 

professionalism remain pivotal for quality outcomes, yet the content of “competence” is evolving as digital tools 

become embedded in audit work [1, 22]. Likewise, independence, skepticism, ethics, and risk sensitivity continue 

to anchor audit credibility, but they must be practiced in an environment where evidence is increasingly generated 
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or mediated by automated routines and analytics engines [3, 20, 25, 26]. As organizations and audit firms pursue 

digital transformation, the strategic question is not merely whether RPA can make auditing faster, but whether it 

can make auditing better—by strengthening the sufficiency and appropriateness of evidence and improving the 

defensibility of professional judgments under modern data conditions. 

This study therefore contributes by offering a grounded, practice-informed analysis of how RPA affects audit 

quality and how it redefines auditors’ skills in the contemporary assurance environment, while situating these 

insights within the broader streams of audit quality determinants, digital audit transformation, and socio-technical 

risk governance [11, 31, 34]. It also responds to emerging concerns about the ethical and risk dimensions of 

advanced technology adoption in auditing, recognizing that sustainable improvements in audit quality require not 

only automation capability but also robust governance, transparency, and professional accountability [13, 30]. 

Moreover, by acknowledging that audit quality perceptions and practices are shaped by institutional and cultural 

contexts, the study aligns with evidence that auditors’ roles and quality interpretations vary across environments, 

which is particularly relevant when examining technology adoption in settings with distinct regulatory and market 

structures [17, 19]. 

The aim of this study is to analyze the impact of Robotic Process Automation on audit quality and to identify the 

resulting changes in the skill set required of auditors. 

2. Methodology 

Given the exploratory nature of the subject and the objective of achieving a deep and rich understanding of the 

experiences, perspectives, and interpretations of auditing professionals, this study adopts a qualitative research 

approach. The underlying philosophical paradigm of this research is interpretivism, as the study seeks to 

understand phenomena through the meanings that individuals assign to them. Among the various qualitative 

research strategies, the grounded theory approach, originally introduced by Glaser and Strauss (1967), was selected 

as the principal methodological framework. This choice is justified by the fact that grounded theory enables the 

researcher to inductively and systematically generate a theory or conceptual model directly from the collected data, 

rather than testing a pre-existing theory. Considering the emerging nature of RPA in auditing and the absence of 

comprehensive theoretical frameworks in this domain, this approach is particularly appropriate for identifying key 

concepts, examining their interrelationships, and ultimately developing a conceptual model that explains the 

impact of RPA on audit quality and auditors’ skills. 

The statistical population of this study comprises audit managers, senior managers, and audit partners employed 

in large audit firms in Iran that are officially recognized by the Supreme Audit Court and the Stock Exchange 

Organization and that possess practical experience in the design, implementation, or application of RPA tools 

within audit processes. Purposive sampling and theoretical sampling were employed. Initially, through purposive 

sampling, individuals with extensive knowledge and experience related to the research topic were identified and 

selected for interviews. Subsequently, concurrent with data analysis, additional participants were selected based 

on emerging concepts in order to ensure comprehensive coverage of the developing categories. This process 

continued until theoretical saturation was achieved, meaning that no new data contributed additional insights to 

the evolving concepts and categories. In total, in-depth semi-structured interviews were conducted with 15 experts. 

Each interview lasted between 60 and 90 minutes, was fully audio-recorded, and subsequently transcribed verbatim 

for analysis. 
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Data analysis followed the systematic approach proposed by Strauss and Corbin (1998) and was conducted in 

three principal stages. The first stage, open coding, involved careful examination of the interview transcripts and 

their segmentation into small meaning units (concepts), with a conceptual label assigned to each unit. At this stage, 

the researcher sought to extract concepts from the data with an open mind and without prior assumptions. The 

second stage, axial coding, entailed organizing the concepts and codes derived from the previous phase into 

broader categories and subcategories based on their similarities and relationships, with the objective of establishing 

connections among categories and constructing an initial analytical framework. Finally, during selective coding, a 

core category was identified as the central phenomenon of the study, and all other categories were systematically 

related to it, enabling the construction of the main storyline of the research and the development of the final 

grounded theory. To enhance the credibility and reliability of the findings, peer debriefing and member checking 

procedures were employed in the validation process. 

3. Findings and Results 

First, the profile of the expert informants is presented in Table 1 to demonstrate the adequacy and relevance of 

the informant base. 

Table 1. Profile of Interview Participants (n = 15) 

Participant 

ID 

Position Firm 

Size/Standing 

Primary Audit 

Domain(s) 

Years of 

Audit 

Experience 

Years in 

Managerial 

Role 

Direct RPA 

Exposure 

Typical RPA Use-

Case(s) 

Mentioned 

P1 Audit 

Partner 

Large / 

market-

recognized 

Listed entities; 

financial services 

18 10 Implementation 

sponsor 

Automated data 

extraction; 

controls testing 

P2 Audit 

Partner 

Large / 

market-

recognized 

Manufacturing; 

trading 

16 9 User + 

governance 

Reconciliations; 

substantive 

testing 

P3 Audit 

Partner 

Large / 

market-

recognized 

Banking; insurance 20 12 Implementation 

sponsor 

Full-population 

testing; exception 

reporting 

P4 Senior 

Manager 

Large / 

market-

recognized 

Listed entities; 

conglomerates 

14 6 Power user Journal entry 

screening; 

analytics pipelines 

P5 Senior 

Manager 

Large / 

market-

recognized 

Oil & gas; utilities 13 5 User Evidence 

collection; 

confirmations 

workflow 

P6 Senior 

Manager 

Large / 

market-

recognized 

Telecommunications; 

services 

12 5 User + design 

input 

Data extraction 

from ERP; audit 

trail capture 

P7 Audit 

Manager 

Large / 

market-

recognized 

Manufacturing; retail 11 3 User Inventory testing 

support; matching 

routines 

P8 Audit 

Manager 

Large / 

market-

recognized 

Public-interest entities 10 3 User Sampling support; 

automated lead 

schedules 

P9 Audit 

Partner 

Large / 

market-

recognized 

Listed entities; 

investment firms 

17 10 Governance 

lead 

Audit automation 

roadmap; QA 

monitoring 

P10 Senior 

Manager 

Large / 

market-

recognized 

Construction; project-

based firms 

15 7 User Contract testing; 

billing-to-ledger 

matching 
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P11 Audit 

Manager 

Large / 

market-

recognized 

SMEs; trading 9 2 User Bank 

reconciliations; 

receivables aging 

P12 Audit 

Partner 

Large / 

market-

recognized 

Financial services; 

fintech 

19 11 Implementation 

sponsor 

Continuous 

controls 

monitoring; 

exception 

handling 

P13 Senior 

Manager 

Large / 

market-

recognized 

Public sector–linked 

entities 

14 6 User + 

governance 

Compliance 

testing; 

documentation 

automation 

P14 Audit 

Manager 

Large / 

market-

recognized 

Manufacturing; 

logistics 

10 3 User Three-way match; 

cut-off testing 

support 

P15 Audit 

Partner 

Large / 

market-

recognized 

Multi-industry 

portfolio 

21 13 Sponsor + user End-to-end audit 

workflow 

orchestration 

 

Table 1 demonstrates that the interview corpus reflects high-relevance expertise and credible experiential depth 

with respect to both auditing practice and the practical application of RPA in audit engagements. The participants 

are distributed across roles that are consequential for audit transformation—partners (strategic decision-makers 

and quality owners), senior managers (methodology translators and engagement supervisors), and managers 

(operational implementers and day-to-day users). This role distribution is important because the analysis captures 

not only front-line automation experiences, but also governance, quality assurance, and firm-level capability 

development perspectives. The participants collectively represent a broad portfolio of audit domains, spanning 

listed entities, financial services, manufacturing, utilities, telecommunications, and public-interest contexts, which 

strengthens the transferability of the emergent patterns across engagement types. Experience levels indicate that 

the interpretations are grounded in mature professional judgment rather than novice exposure; most participants 

combine extensive audit tenure with multiple years in managerial or partner roles, where accountability for audit 

quality is explicit. The “Direct RPA Exposure” column also confirms that the sample is not limited to superficial 

awareness: the participants include implementation sponsors and governance leads (who observe organizational 

consequences), power users (who experience workflow and evidence changes), and hybrid user-design 

contributors (who can explain how RPA is configured and controlled). Finally, the diversity of “Typical RPA Use-

Cases” indicates that RPA is being applied across the audit lifecycle—from data extraction and reconciliation to 

full-population testing, journal entry screening, and exception reporting—creating a rich basis for identifying 

common mechanisms through which RPA influences audit quality and reshapes auditors’ skills. 

Table 2. RPA Mechanisms That Enhance Audit Quality: Categories, Subcategories, and Manifest Indicators 

Main Category Subcategory How It Presents in Practice (Manifest 

Indicators) 

Audit-Quality Dimension Most 

Directly Affected 

Expansion of Audit 

Coverage 

Shift from sampling to full-

population testing 

Automated execution of repetitive tests 

across entire datasets; systematic 

exception listing 

Sufficiency of evidence; detection 

risk reduction 

 

Increased frequency of 

testing 

More frequent (and in some cases near-

continuous) re-performance of tests 

during the engagement 

Timeliness of evidence; 

responsiveness to emerging risks 

Reliability and Precision 

of Evidence 

Reduction of human 

execution error 

Fewer manual transposition errors; fewer 

missed steps in test procedures; consistent 

rule application 

Reliability of evidence; 

procedural compliance 
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Standardization of audit 

procedures 

Repeatable scripts/bots that perform the 

same steps across engagements and teams 

Consistency of audit work; 

comparability across files 

Timeliness and 

Traceability 

Faster evidence generation 

and documentation 

Accelerated collection of source 

documents; automated audit trails/log 

files 

Documentation quality; review 

efficiency 

 

Improved traceability and 

reproducibility 

System logs and run histories that support 

re-performance and inspection 

Inspectability; quality control 

and external review readiness 

Risk-Focused 

Reallocation of Auditor 

Time 

Less time on routine tasks Manual effort moved away from data 

wrangling and toward risk analysis and 

judgment 

Appropriateness of professional 

judgment; focus on high-risk 

areas  

Enhanced anomaly focus 

through exception reporting 

Bots highlight outliers, breaks, and 

unusual patterns for auditor follow-up 

Detection of irregularities; fraud-

risk responsiveness 

Strengthening of 

Methodological Control 

Embedded controls and rule 

governance 

Defined rulesets; version control; 

approval of bot changes; segregation of 

duties for scripts 

Process integrity; audit 

methodology compliance 

 

Quality assurance visibility Better supervisory review through 

dashboards, exception summaries, and 

run evidence 

Engagement supervision; 

accountability and quality 

monitoring 

 

Table 2 synthesizes how participants described the pathway from automation capability to measurable 

improvements in audit quality, with the strongest and most consistent mechanism being the expansion of audit 

coverage. Across engagement contexts, interviewees converged on the idea that RPA changes the feasibility frontier 

of audit testing: procedures that were previously constrained by time and staffing—often executed via sampling—

become technically feasible at the level of full-population testing when rules are stable and data extraction is 

reliable. This does not eliminate professional judgment; rather, it alters where judgment is applied. Instead of 

spending scarce human time running routine steps on small subsets, audit teams use bot-executed tests to map the 

entire population, and then concentrate judgment on investigating exceptions and explaining anomalies. 

Participants linked this shift directly to a reduction in detection risk, because the probability that material deviations 

remain outside the sample frame is substantially reduced when coverage expands. 

A second cluster of findings concerns evidence reliability and precision. RPA was consistently experienced as a 

“procedural stabilizer” that reduces execution variance across staff levels and engagement teams. By automating 

rule-based steps—such as matching, recalculations, reconciliations, and structured extraction—RPA reduces 

manual transposition and omission errors and produces outputs that are consistent across runs. Participants 

emphasized that this standardization improves audit-file consistency and strengthens supervisory review, because 

reviewers can more readily assess whether procedures were executed correctly when outputs are produced 

through documented, repeatable routines. This standardization effect is not merely administrative; it was 

interpreted as a quality improvement because it increases procedural compliance and reduces the chance that audit 

evidence is compromised by avoidable execution mistakes. 

Timeliness and traceability form the third mechanism set. Interviewees described that RPA accelerates both 

evidence generation and documentation production, resulting in audit trails that are more complete and easier to 

inspect. Rather than relying on scattered manual screenshots or ad hoc spreadsheets, automated runs can produce 

logs, timestamps, and exception listings that directly support re-performance and inspection. This contributes to 

review efficiency and strengthens readiness for internal quality reviews or external inspections, because the 

evidence chain is easier to follow and less dependent on individual staff documentation habits. 

Finally, participants repeatedly framed the “quality gain” of RPA as partially indirect: by saving time on routine 

tasks, RPA reallocates human effort toward risk analysis, critical evaluation of exceptions, and deeper engagement-
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level understanding of business processes. This is where RPA intersects with the “appropriateness” dimension of 

audit quality as understood in practice: audit teams can devote more attention to interpreting anomalies, 

challenging management explanations, and tailoring responses to engagement-specific risks. Importantly, 

participants did not describe RPA as inherently increasing skepticism; instead, they argued that RPA creates the 

capacity conditions under which professional skepticism can be exercised more consistently—because auditors are 

less time-pressured and better equipped with structured exception insights. As a result, the consolidated story in 

Table 2 is that RPA improves audit quality through a combined effect of broader coverage, higher procedural 

reliability, stronger traceability, and a reallocation of human expertise toward higher-order judgment and risk-

focused work. 

Table 3. Paradigm Shift in Auditors’ Skills Under RPA: From Execution-Centric to Insight-Centric 

Competencies 

Skill Domain Pre-RPA Dominant 

Emphasis (Execution-

Centric) 

Post-RPA Emerging Emphasis 

(Insight-Centric) 

Practical Implications Observed by 

Participants 

Analytical reasoning and 

professional judgment 

Manual checking and 

tick-and-tie routines 

Interpreting exceptions; forming 

defensible judgments under 

uncertainty 

Auditors are expected to explain 

“why” anomalies occur, not only 

“whether” numbers match 

Critical thinking and 

skepticism 

Procedural completion 

under time constraints 

Hypothesis-driven inquiry; challenge 

of automated outputs and 

management narratives 

Greater emphasis on evaluating 

plausibility and triangulating 

explanations 

Data analytics capability Basic spreadsheet 

manipulation 

Handling large datasets; defining rules 

for anomaly detection; interpreting 

patterns 

Need for literacy in data structure, 

joins/matches, and analytic logic 

IT and automation 

governance literacy 

Limited to using audit 

software tools 

Understanding bots, process maps, 

access controls, logs, and change 

management 

Auditors must assess the reliability of 

the automation pipeline as part of 

evidence evaluation 

Business process 

understanding 

Focus on financial 

statement line-items 

End-to-end process mapping (order-

to-cash, procure-to-pay, record-to-

report) 

Stronger linkage between controls, 

data flows, and audit procedures 

Communication and 

advisory competence 

Reporting findings in 

standardized formats 

Translating analytic results into 

actionable insights; consulting-style 

communication 

Increased need to explain technology-

enabled findings to non-technical 

stakeholders 

Team and engagement 

management 

Task assignment and 

manual supervision 

Orchestrating human–bot workflows; 

ensuring quality gates and exception 

follow-up 

Engagement leaders coordinate 

automation runs and allocate human 

time to investigations 

Continuous learning 

orientation 

Periodic technical 

updates 

Ongoing upskilling in tools, analytics, 

and technology risk 

Skills obsolescence risk increases 

without structured reskilling programs 

 

Table 3 presents the second major result set: participants consistently framed RPA as a driver of a competency 

reconfiguration in auditing, characterized by a shift from execution-centric skills toward insight-centric capabilities. 

In the pre-RPA mode described by interviewees, competence was frequently demonstrated through procedural 

accuracy and speed—completing checklists, performing manual tick-and-tie work, running routine recalculations, 

and ensuring that standard steps were executed within time budgets. While these abilities remain relevant, 

participants explained that RPA reduces the marginal value of purely manual execution because many repetitive 

steps can be performed more consistently and quickly by automation. Consequently, the differentiating value of 

the auditor increasingly lies in the ability to interpret outputs, explain anomalies, and make professional judgments 

that are defensible under scrutiny. 

A central theme was the elevation of analytical reasoning and critical thinking. Participants emphasized that full-

population testing and exception reporting generate more signals, not fewer; this increases the demand for auditors 



 Business, Marketing, and Finance Open, Vol. 3, No. 4 

 11 

who can triage exceptions, develop hypotheses about root causes, and test those hypotheses through additional 

procedures. The “work” is thus displaced from mechanical checking to diagnostic reasoning. This shift also changes 

the nature of skepticism: rather than skepticism being expressed primarily through manual verification, it is 

expressed through the rigorous interrogation of patterns, outliers, and inconsistencies—both in client data and, 

importantly, in the automated outputs themselves. Several participants noted that auditors must learn to challenge 

automation results when inputs, business rules, or system interfaces may be imperfect; thus, skepticism becomes 

partly “technology-aware,” requiring an understanding of where automation can fail (e.g., incomplete extraction, 

rule misconfiguration, access limitations). 

The data also indicated that data analytics and IT governance literacy are no longer optional specialist skills but 

increasingly part of baseline audit competence in RPA-enabled environments. Participants described practical 

expectations such as understanding process maps, assessing log evidence, ensuring appropriate access and change 

control for bots, and recognizing when automation runs require validation or re-performance. This competence 

intersects with business process understanding: RPA forces auditors to look beyond ledger balances to the data 

flow across processes (order-to-cash, procure-to-pay, record-to-report), because automation logic is usually 

anchored in process steps and system data structures. Auditors therefore need a more integrated mental model of 

how transactions originate, flow, and are transformed across systems and controls. 

Finally, Table 3 highlights the managerial and communicative consequences of RPA: engagement leaders must 

orchestrate human–bot workflows, set quality gates for automation runs, and ensure that exceptions receive 

appropriate human follow-up. As the audit product becomes more analytics-driven, auditors must also translate 

technical findings into clear messages for engagement teams, clients, and those charged with governance. 

Participants framed this as a move toward advisory communication, where auditors are expected to explain 

implications, not merely report discrepancies. In sum, the findings show that RPA adoption redefines “what good 

looks like” for auditors: proficiency shifts toward analytics, technology-enabled assurance, process understanding, 

and stakeholder communication, supported by a stronger continuous-learning orientation to manage rapid skill 

obsolescence. 

Table 4. Final Grounded-Theory Model: RPA as a Strategic Reconfiguration of Audit Work and Auditor 

Role 

Model Element 

(Strauss–Corbin Logic) 

Emergent Components What It Means in the Audit Context 

Core Category Strategic reconfiguration of audit work through RPA-

enabled evidence and exception-driven assurance 

RPA changes how evidence is produced, what 

becomes “routine,” and where human judgment 

is concentrated 

Causal Conditions High volume and complexity of client data; pressure for 

efficiency and timeliness; demand for higher assurance 

RPA adoption is triggered by scalability 

constraints and quality expectations that manual 

routines cannot meet consistently 

Contextual Conditions Client system maturity; data availability and integrity; 

audit-firm methodology and tool stack 

RPA impact is strongest when data pipelines are 

stable and audit methods support automation 

governance 

Intervening Conditions Talent readiness; training investment; IT support; 

regulatory/inspection pressure; cybersecurity controls 

These conditions amplify or weaken the quality 

benefits and determine whether RPA becomes 

robust or fragile 

Action/Interaction 

Strategies 

Bot-enabled full-population testing; automated 

documentation and traceability; exception triage routines; 

governance of rules and changes 

Audit teams operationalize RPA through 

repeatable runs, structured follow-up, and 

controlled automation lifecycle management 

Consequences Improved evidence sufficiency and reliability; faster audits 

and stronger reviewability; role shift toward 

analyst/advisor; revised competency model 

Audit quality improves, but only sustainably 

when skills and governance evolve alongside 

automation 
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Table 4 integrates the full set of categories into the final grounded-theory explanation of the phenomenon under 

study. The core category that emerged from selective coding conceptualizes RPA not as a discrete tool, but as a 

strategic reconfiguration of audit work that is enabled by automated evidence generation and structured, 

exception-driven assurance. Participants’ accounts repeatedly converged on the idea that the “center of gravity” in 

auditing moves when RPA is introduced: what used to consume human time becomes automated, and what used 

to be constrained by feasibility (such as full-population testing) becomes operationally realistic. This shift changes 

both the technical architecture of audit evidence and the social organization of audit teams. The model therefore 

positions RPA as a mechanism that restructures the audit workflow and, in doing so, restructures the auditor role. 

The causal conditions in Table 4 indicate why RPA becomes attractive and, in many cases, necessary. Participants 

described an environment characterized by increasing data volume, higher transaction complexity, and growing 

expectations for timely completion and higher assurance. Under these conditions, manual routines are seen as both 

costly and vulnerable to inconsistency. RPA is adopted as an attempt to resolve a scalability–quality tension: to 

improve coverage and evidence reliability without proportionally increasing staffing and time budgets. However, 

the model emphasizes that the impact of RPA is highly contingent on contextual conditions, particularly client 

system maturity and data integrity. When source systems are stable and data extraction is consistent, RPA can 

generate reliable, repeatable evidence and logs. When systems are fragmented, data definitions are inconsistent, or 

access is constrained, RPA can produce partial evidence, increase reconciliation workload, or create new forms of 

risk that must be managed through audit methodology. This is why participants frequently moved from discussing 

“automation” to discussing “automation governance,” noting that RPA’s benefits are maximized when it is 

embedded within a disciplined methodological and technological context. 

Intervening conditions capture the organizational factors that determine whether RPA becomes a durable audit 

capability or an unstable experiment. The dominant intervening condition is talent readiness: without auditors who 

can validate automation logic, interpret exceptions, and manage technology risk, the potential quality gains can be 

diluted or even reversed through overreliance on scripts. Participants also emphasized that investment in training, 

IT support, and cybersecurity controls mediates outcomes, because automation introduces dependencies on access 

control, change management, and log integrity. Furthermore, regulatory and inspection environments were 

described as indirectly influential: where inspection pressure is high, firms tend to formalize governance and 

documentation practices, which strengthens RPA’s contribution to audit traceability and review readiness. 

The action/interaction strategies in Table 4 represent what audit teams actually do to translate RPA into audit 

work. The most salient strategy is shifting toward bot-enabled full-population testing, supported by automated 

documentation and reproducible audit trails. This is coupled with formal exception triage routines, in which 

auditors prioritize and investigate anomalies produced by automated tests. Crucially, the strategy set includes 

governance of rules and changes, reflecting the interviewees’ view that uncontrolled automation can undermine 

evidence reliability. In the model, sustainable RPA-enabled auditing requires an operating discipline that treats 

bots as part of the audit method, subject to controls, approvals, and re-performance expectations. 

Finally, the consequences reported in Table 4 consolidate the outcomes that participants associated with 

successful RPA integration. At the audit-quality level, the most consistent consequences are improved evidence 

sufficiency (because coverage expands) and improved reliability (because execution error is reduced and 

procedures are standardized), along with faster completion and stronger reviewability (because documentation 

and logs are more traceable). At the professional level, the consequence is a clear role shift: auditors are repositioned 

as analysts and strategic advisors who interpret patterns, explain implications, and communicate technology-
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enabled findings to stakeholders. This role shift requires a revised competency model, aligning with Table 3: the 

audit profession’s value proposition increasingly depends on analytics capability, technology governance literacy, 

and consultative communication, supported by continuous learning and reskilling. In short, the final grounded-

theory model explains the findings as a structured transformation: RPA elevates audit quality through coverage, 

reliability, and traceability mechanisms, while simultaneously demanding—and accelerating—a redefinition of 

auditors’ skills and professional identity. 

4. Discussion and Conclusion 

The findings of this study demonstrate that Robotic Process Automation (RPA) represents a fundamental 

transformation in audit practice rather than a mere technological enhancement. The empirical results revealed that 

RPA improves audit quality primarily through the expansion of audit coverage, the reduction of human error, the 

enhancement of evidence timeliness and traceability, and the reallocation of auditor effort from routine execution 

to analytical and judgment-intensive activities. These findings are strongly aligned with prior theoretical and 

empirical work that positions digital technologies as enablers of audit quality through improved efficiency, 

standardization, and risk responsiveness. In particular, the observed shift from sampling-based procedures toward 

full-population testing directly supports the framework proposed by Eulerich et al. [10], which conceptualizes RPA 

as a mechanism for automating structured audit tasks while enhancing the consistency and reliability of audit 

procedures. The present study extends this framework by empirically illustrating how this automation effect 

restructures the locus of professional judgment, moving it from manual verification toward exception analysis and 

strategic evaluation. 

The improvement in evidence reliability and precision identified in the results is consistent with the argument 

that digital audit tools strengthen audit quality by reducing execution variability and increasing procedural 

compliance. Prior studies on audit software and cloud-based environments have demonstrated that technology 

adoption enhances audit effectiveness by standardizing processes and facilitating documentation [8, 9]. The current 

findings provide deeper insight into this relationship by showing that RPA-generated evidence is perceived by 

practitioners as more consistent, reproducible, and reviewable, thereby strengthening both internal quality control 

and external inspection readiness. This observation also complements the work of Barr-Pulliam et al. [15], who 

reported that the use of audit data analytics influences perceptions of audit quality and assurance. Together, these 

findings suggest that RPA contributes not only to actual improvements in audit procedures but also to the 

credibility and defensibility of audit outcomes. 

Another central result concerns the significant enhancement of audit timeliness and traceability. Participants in 

this study emphasized that automated documentation and system-generated logs allow for faster evidence 

collection and more transparent audit trails. These findings are congruent with the concept of “digital audit” 

articulated by Nazarova et al. [19], which frames technology-enabled auditing as a strategic imperative for 

increasing both competitiveness and accountability. Furthermore, the improvement in traceability supports the 

view advanced by Fedyk et al. [14], who argued that artificial intelligence and related digital technologies can 

improve audit processes when they enhance evidence availability and support robust verification mechanisms. The 

present study therefore reinforces the proposition that RPA strengthens the structural foundations of audit quality 

by embedding transparency and reproducibility into the audit workflow. 

Beyond technical improvements, the findings highlight a profound transformation in auditors’ roles and 

competencies. The shift from execution-centric to insight-centric work reflects a broader redefinition of professional 
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value in the auditing field. The results show that auditors increasingly act as analysts and strategic advisors who 

interpret exceptions, diagnose risks, and communicate complex findings to stakeholders. This transformation 

directly corresponds with Austin et al.’s [34] conceptualization of the “data analytics journey,” in which auditors’ 

interactions with technology, management, and regulation reshape professional cognition and performance. The 

present findings further substantiate this model by demonstrating that RPA accelerates this cognitive shift, making 

analytical reasoning, critical thinking, and technology governance central dimensions of auditor competence. 

The emergence of hybrid competencies observed in this study—combining audit expertise with data analytics, 

IT literacy, and advisory communication—also aligns closely with empirical evidence on auditor performance and 

technology use. Ida Ayu Trisna Yudi and Suariedewi [22] documented that the use of information technology 

significantly influences auditor performance and, by extension, audit quality. Similarly, Ridzuan et al. [25] 

demonstrated that digital technology skills and competency play a critical role in the effectiveness of fraud risk 

assessment. The current study expands these insights by showing that RPA institutionalizes these hybrid 

competencies, transforming them from supplementary skills into core professional requirements for maintaining 

audit quality in technologically advanced environments. 

Importantly, the findings also confirm that foundational audit attributes—such as independence, professional 

skepticism, competence, and ethical commitment—remain essential even as audit practice becomes increasingly 

automated. However, their operationalization evolves. Prior research has established the continuing importance of 

these attributes in determining audit quality [1, 3, 5, 20]. The present study demonstrates that in RPA-enabled 

audits, skepticism and independence must be exercised not only in relation to client representations but also toward 

automated outputs and underlying data processes. This extension of professional skepticism into the technological 

domain echoes the concerns raised by Dahabiyeh and Mowafi [12], who emphasized the socio-technical risks 

associated with RPA in auditing. The results therefore reinforce the view that audit quality in digital environments 

depends on the auditor’s capacity to integrate professional judgment with technological validation. 

The strategic implications of RPA adoption also emerge clearly from the findings. RPA is not implemented in 

isolation; its effectiveness depends on contextual conditions such as client system maturity, data integrity, 

governance structures, and organizational readiness. This observation is consistent with Hung’s [17] argument that 

cultural, legal, and institutional factors shape auditors’ roles and perceptions of audit quality. It is also aligned with 

Tritama et al.’s [30] assertion that sustainable audit quality in the age of AI requires alignment between technology 

adoption and organizational strategy. By situating RPA within a broader socio-organizational framework, the 

present study underscores that technology-driven improvements in audit quality are contingent upon governance, 

training investment, and continuous capability development. 

Furthermore, the findings demonstrate that RPA strengthens audit quality by enabling a more risk-focused audit 

approach. Automated full-population testing and structured exception reporting allow auditors to allocate more 

time to high-risk areas and complex judgments, which is consistent with the central role of audit risk in shaping 

audit quality identified by Doloksaribu and Firdaus [26]. This risk reorientation is particularly important in contexts 

characterized by time budget pressure, where competence and skepticism must be exercised under significant 

constraints [4]. The present results suggest that RPA can mitigate some of these pressures by automating low-value 

tasks and freeing human resources for critical risk analysis. 

Finally, the results reveal that RPA contributes to audit quality by reinforcing engagement-level governance and 

reviewability. Participants described enhanced supervisory oversight, clearer documentation, and stronger quality 

control mechanisms enabled by automated logs and dashboards. These observations resonate with prior evidence 
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that governance mechanisms, including internal audit and board oversight, are essential determinants of audit 

quality [7]. They also complement the literature on joint audits and auditor coordination, which emphasizes the 

importance of engagement structure in achieving high-quality outcomes [29, 33]. By embedding control and 

traceability into the audit process, RPA supports these governance mechanisms and strengthens the institutional 

architecture of audit quality. 

This study has several limitations that should be acknowledged. First, the research adopted a qualitative 

methodology and relied on a purposive sample of audit professionals, which limits the statistical generalizability 

of the findings. Second, the study focused on the perspectives of auditors within a specific institutional and 

regulatory context, which may influence the transferability of the results to other jurisdictions with different 

professional frameworks. Third, the analysis was based on self-reported experiences, which may be subject to 

perception bias or social desirability effects, particularly in relation to the evaluation of emerging technologies. 

Finally, the study concentrated on current RPA applications and did not capture the long-term organizational 

consequences of automation on audit careers, firm structures, or professional identity. 

Future research should extend this work through large-scale quantitative studies that test the relationships 

identified in this qualitative analysis across different countries and regulatory regimes. Longitudinal research 

designs would be particularly valuable for examining how sustained RPA adoption reshapes audit quality, 

professional roles, and career trajectories over time. Comparative studies between RPA-enabled and non-RPA audit 

engagements could provide stronger causal evidence regarding the specific contribution of automation to audit 

outcomes. In addition, future research should explore the interaction between RPA and other advanced 

technologies, such as artificial intelligence and continuous auditing systems, to develop a more integrated 

understanding of digital audit ecosystems. 

From a practical perspective, audit firms should view RPA as a strategic capability rather than a narrow 

operational tool. Significant investment is required in training programs that develop hybrid competencies 

combining auditing, data analytics, and information technology governance. Firms should also establish robust 

automation governance frameworks that ensure transparency, accountability, and continuous validation of 

automated procedures. Engagement leaders must redesign audit workflows to fully exploit the time-saving 

potential of RPA while safeguarding professional judgment and ethical standards. Finally, regulators and 

professional bodies should update competency frameworks and continuing professional development 

requirements to reflect the evolving demands of technology-enabled auditing. 

Authors’ Contributions 

Authors equally contributed to this article. 

Ethical Considerations 

All procedures performed in this study were under the ethical standards. 

Acknowledgments 

Authors thank all participants who participate in this study. 



 Mirzaei 

 16 

Conflict of Interest 

The authors report no conflict of interest. 

Funding/Financial Support 

According to the authors, this article has no financial support. 
 

References 

[1] L. Mustika, "The Influence of Competence and Experience of Auditors on Audit Outcomes," Golden Ratio of Auditing 

Research, vol. 3, no. 2, pp. 82-93, 2023, doi: 10.52970/grar.v3i2.380. 

[2] D. Kusmayasari, A. F. Bilgies, D. Damayanti, and J. Suharsono, "The Influence of Audit Fee, Independence, and Competency 

on Audit Quality," Journal of Governance Taxation and Auditing, vol. 1, no. 4, pp. 425-433, 2023, doi: 10.38142/jogta.v1i4.653. 

[3] R. Aulia, A. Maulana, and T. Supriadi, "Influence of Integrity, Independence, Professional Skepticism, and Audit Situation 

on Audit Opinion," Jurnal Tata Kelola Dan Akuntabilitas Keuangan Negara, vol. 10, no. 1, pp. 55-66, 2024, doi: 

10.28986/jtaken.v10i1.1626. 

[4] G. J. Cahyono and T. D. Hastuti, "The Impact of Competence, Accountability, Professional Skills, and Professional 

Skepticism on Audit Quality With Time Budget Pressure as a Moderating Variable," Journal of Economics Finance and 

Management Studies, vol. 07, no. 07, 2024, doi: 10.47191/jefms/v7-i7-28. 

[5] A. Rahman and D. A. Fauziah, "Experience, Independence, Professional Commitment of Auditors, and Audit Quality 

(Study at the Sidoarjo Regency Inspectorate)," International Journal of Business and Applied Economics, vol. 3, no. 1, pp. 55-68, 

2024, doi: 10.55927/ijbae.v3i1.7821. 

[6] Y. Yulianti, G. Chandrarin, and F. Supanto, "Effect of Ethics and Professionalism on Audit Quality: A Moderating Role of 

Dysfunctional Audit Behavior," Problems and Perspectives in Management, vol. 20, no. 3, pp. 529-539, 2022, doi: 

10.21511/ppm.20(3).2022.42. 

[7] N. A. Almasria, "Corporate Governance and the Quality of Audit Process: An Exploratory Analysis Considering Internal 

Audit, Audit Committee and Board of Directors," European Journal of Business Management and Research, vol. 7, no. 1, pp. 78-

99, 2022, doi: 10.24018/ejbmr.2022.7.1.1210. 

[8] E. M. Alotaibi, "Cloud Computing to Audit Quality- Evidence From the Kingdom of Saudi Arabia," International Journal of 

Applied Economics Finance and Accounting, vol. 17, no. 1, pp. 18-29, 2023, doi: 10.33094/ijaefa.v17i1.1004. 

[9] E. M. Alotaibi and A. Alnesafi, "Assessing the Impact of Audit Software on Audit Quality: Auditors' Perceptions," 

International Journal of Applied Economics Finance and Accounting, vol. 17, no. 1, pp. 97-108, 2023, doi: 

10.33094/ijaefa.v17i1.1068. 

[10] M. Eulerich, J. Pawlowski, N. Waddoups, and D. A. Wood, "A Framework for Using Robotic Process Automation for Audit 

Tasks*," Contemporary Accounting Research, vol. 39, no. 1, pp. 691-720, 2021, doi: 10.1111/1911-3846.12723. 

[11] T. Sethibe and E. Naidoo, "The Adoption of Robotics in the Auditing Profession," Sa Journal of Information Management, vol. 

24, no. 1, 2022, doi: 10.4102/sajim.v24i1.1441. 

[12] L. Dahabiyeh and O. Mowafi, "Challenges of Using RPA in Auditing: A Socio‐technical Systems Approach," Intelligent Sys 

in Account, vol. 30, no. 2, pp. 76-86, 2023, doi: 10.1002/isaf.1537. 

[13] A. M. A. F. Zaky and R. Widuri, "How Does Risks And Ethical Issues Impact The Adoption Of Artificial Intelligence In 

Auditing?," Journal of Theoretical and Applied Information Technology, vol. 103, no. 5, pp. 1877-1890, 2025. [Online]. Available: 

https://jatit.org/volumes/Vol103No5/18Vol103No5.pdf. 

[14] A. Fedyk, J. Hodson, N. V. Khimich, and T. Fedyk, "Is Artificial Intelligence Improving the Audit Process?," Review of 

Accounting Studies, vol. 27, no. 3, pp. 938-985, 2022, doi: 10.1007/s11142-022-09697-x. 

[15] D. Barr‐Pulliam, H. L. Brown‐Liburd, and K. A. Sanderson, "The Effects of the Internal Control Opinion and Use of Audit 

Data Analytics on Perceptions of Audit Quality, Assurance, and Auditor Negligence," Auditing a Journal of Practice & Theory, 

vol. 41, no. 1, pp. 25-48, 2021, doi: 10.2308/ajpt-19-064. 

[16] J. Nonnenmacher, F. Kruse, G. Schumann, and J. M. Gómez, "Using Autoencoders for Data-Driven Analysis in Internal 

Auditing," 2021, doi: 10.24251/hicss.2021.697. 

[17] P. H. Hung, "The Influence of Cultural, Legal and Institutional Factors on Auditors' Roles, Responsibilities and Perceptions 

of Audit Quality," European Journal of Theoretical and Applied Sciences, vol. 1, no. 5, pp. 1131-1145, 2023, doi: 

10.59324/ejtas.2023.1(5).99. 

[18] M. Hegazy, R. El-Haddad, and N. M. Kamareldawla, "Impact of Auditor Characteristics and Covid-19 Pandemic on KAMs 

Reporting," Managerial Auditing Journal, vol. 37, no. 7, pp. 908-933, 2022, doi: 10.1108/maj-07-2021-3271. 

https://jatit.org/volumes/Vol103No5/18Vol103No5.pdf


 Business, Marketing, and Finance Open, Vol. 3, No. 4 

 17 

[19] К. Назарова, M. Nezhyva, V. Hotsuliak, N. Novikova, and O. Fedorenko, "Digital Audit as an Imperative for Ukraine’s 

Way Out From the COVID-crisis and a Tool to Increase the Competitveness of the State," SHS Web of Conferences, vol. 100, 

p. 01001, 2021, doi: 10.1051/shsconf/202110001001. 

[20] C. N. P. Kamal, "Auditor Independence and Its Influence on Accounting Behavior: A Systematic Literature Review," Journal 

Integration of Management Studies, vol. 1, no. 2, 2023, doi: 10.58229/jims.v1i2.133. 

[21] M. L. D. Istiadi and D. A. A. Pesudo, "Effect of Skepticism, Independence, Professionalism, and Competence Towards Audit 

Quality (In Covid-19 Situation)," Jurnal Aksi (Akuntansi Dan Sistem Informasi), vol. 6, no. 2, 2021, doi: 10.32486/aksi.v6i2.16. 

[22] A. Ida Ayu Trisna Yudi and I. G. A. A. M. Suariedewi, "The Effect of Professionalism and the Use of Information Technology 

on Auditor Performance and Its Implications on Audit Quality," International Journal of Management Studies and Social Science 

Research, vol. 05, no. 01, pp. 146-154, 2023, doi: 10.56293/ijmsssr.2022.4557. 

[23] A. D. Manik and G. Supraja, "The Influence of Public Information Systems on Auditors' Performance at KAP M. Lian 

Dalimunthe Dan Rekan," Basic and Applied Accounting Research Journal, vol. 3, no. 2, pp. 82-86, 2024, doi: 

10.11594/baarj.03.02.05. 

[24] I. B. Ameen and A. M. A. Wahhab, "The Influence of the External Auditor's Critical Thinking Skills on the Report's Quality," 

Technium Social Sciences Journal, vol. 53, pp. 280-298, 2024, doi: 10.47577/tssj.v53i1.10383. 

[25] N. I. M. Ridzuan, J. Said, F. M. Razali, D. I. A. Manan, and N. Sulaiman, "Examining the Role of Personality Traits, Digital 

Technology Skills and Competency on the Effectiveness of Fraud Risk Assessment Among External Auditors," Journal of 

Risk and Financial Management, vol. 15, no. 11, p. 536, 2022, doi: 10.3390/jrfm15110536. 

[26] T. A. Doloksaribu and R. Firdaus, "The Role of Audit Risk in Improving Audit Quality," International Journal of Environmental 

Sustainability and Social Science, vol. 4, no. 5, pp. 1606-1618, 2023, doi: 10.38142/ijesss.v4i5.875. 

[27] L. Al-farizi, R. A. Rahayu, A. Ramadhan, and N. Silvia, "Reputation's Impact on Auditor Switching Through Audit Delays 

and Financial Distress in the Energy Sector," Ijmi, vol. 1, no. 3, pp. 44-64, 2024, doi: 10.61796/ijmi.v1i3.169. 

[28] S. Rochmatilah, B. Susanto, and A. H. Purwantini, "The Effect of Audit Fee, Auditor Rotation, Auditor Firm Reputation, 

and Auditor Specialization on Audit Quality," Jifa (Journal of Islamic Finance and Accounting), vol. 4, no. 1, pp. 26-40, 2021, 

doi: 10.22515/jifa.v4i1.3005. 

[29] Z. Hima, W. S. Yusoff, and U. N. Saraih, "The Effect of Joint Audit on Audit Quality: The Perceptions of Accountant Exports 

and Banking Mangers in Algeria," South Asian Journal of Social Sciences and Humanities, vol. 5, no. 1, pp. 129-143, 2024, doi: 

10.48165/sajssh.2024.5108. 

[30] S. V. Tritama, N. A. Mahaprajna, and B. Leo, "The Role of AI Adoption in Achieving Sustainable Audit Quality," Journal of 

Theoretical and Applied Information Technology, vol. 103, no. 2, 2025. 

[31] E. Saadati, Z. Ansari, A. Farahmandnia, and K. Asadi Mehr, "A strategy-oriented approach to the application of artificial 

intelligence technology in accounting: With reference to auditing and management accounting trends," Strategic 

Management Accounting Quarterly, vol. 2, no. 2, pp. 1-20, 2025. 

[32] O. Petryk and O. Diak, "Procedures for Auditing Financial Statements of a Cryptocurrency Exchange and Their 

Technological Sequence," Economics Finances Law, vol. 5/2025, no. -, pp. 90-96, 2025, doi: 10.37634/efp.2025.5.19. 

[33] L. Du, "The Role of Shared and Same Signing Auditors in Enhancing Audit Quality for M&amp;A Transactions," Sage Open, 

vol. 15, no. 1, 2025, doi: 10.1177/21582440251328523. 

[34] A. A. Austin, T. D. Carpenter, M. H. Christ, and C. Nielson, "The Data Analytics Journey: Interactions Among Auditors, 

Managers, Regulation, and Technology*," Contemporary Accounting Research, vol. 38, no. 3, pp. 1888-1924, 2021, doi: 

10.1111/1911-3846.12680. 

 


